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Cosmos Propagation Network: Deep Learning Model for Point Cloud Completion, Neurocomputing, 2022.
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Method  Totaltime Time/epoch Totaltime Time/epoch Totaltime Time/epoch

)’

EL all you need TIEHEWLWDTIZ? EWHBIEH D > ‘
T (MLP-Mixer, gMLP) , BLL<7T>»>avZRAL . = = = B &= =
FTICESRICXIIEIEZ 3 5 A5 HE L 7-1H%. IR 53 omes 1 cowm 00 17

Parameter size: 64

Linear 64.1 2.14 233 0.720 1265 65.9
592 0.00656 50.8 000213 85.19 3.80
Relation 329 173 145 0.579 1400 50.3
0103 0.00543 10.9 000727 M8 1.24
o] o Parameter size: 128
_ 4 Baseline na n/a na n/a na n/a
= = n/a n'a n/a na n/a na
8 R Altention 347 17.2 563 493 44200 1210
2 2 7.69 0.00800 29.0 0.00650 1370 1.68
S 5 Linear 107 373 172 1.27 2050 108
- a 34 0.0554 13.4 000249 67.6 3.56
- Relation 541 285 115 0.971 2080 811
o c 0.352 0.0185 7.07 00152 500 297
()
5‘ 1S + Parameter size: 256
© b 3 Baseline na n/a na n/a na n/a
g — i g — ‘:’ — |3 — n/a na na na na na
2 S s Atention 431 22 445 5.65 51000 1540
é g 117 0.0539 14.2 00360 1110 1.58
- w Linear 166 6.12 190 2.00 3520 185
— 13.1 0.00934 9.36 Q0112 69.6 3.66
Relation 86.1 453 14 1.59 3400 137
0.0957 0.00505 389 Q0300 107 2.88

Relation is an option for processing context information, Frontiers in Artificial Intelligence, 2022.
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RNN space LSTM GRU
vi = o(Wiu +Wiph+by) vi = o(Wiu +Wiph+by)
Vo, = o(Wyu +Woh, | +by) v = o(Wau +Waph, 1 +bs)
v3 = 0(Wi.u +Wzh g +bs) v = T(W3au +Ws3p(v2Ohi—1)+b3)
A Y
N vy = T(Waau +Waph,—; +by) hy = (1-v1)Oh—_1+VviOv3 YamRNN
\
; = WO O —| " - (Wit +Wiph_; +by)
I' hy = vzO1(s) v, = 1(Whu +by)
7
’ S-LSTM MGU b = (1-v2P—(h1+¥)ow
vi = o(Wiu +Wiphi—1+by) vi = 0(Wiu +Wyh+by)
A — va = T(Waa +Waphy i +bs) va = T(Waat +Wop(Vi ©Ohyi—y) +b2)
TV RLREHOEAEDEN SR VEIEE
s = (1-v1)OV2+v10O8-1 hy = (1-vi))Oh_1+VviOWV
Za—Jhxy bFT—0%RLTL. b= )
' = t

Developing a novel recurrent neural network architecture with fewer parameters, /nterdisciplinary Information Sciences, 2021.
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MAFFT version 7

Multiple alignment program for amino acid or nucleotide sequences

Download version This service was unavailable due to scheduled maintenance, 7:00 - 21:00, Feb. 20, 2022, JST.

> > > > D> D> D> >
nuunununununn
[alslalalalalal9]

Mac OS X

Windows Hardware was upgraded, Jan 16, 2022. There should be no change in user interface. If you notice :

Linux . . . .

Source To avoid overload, try a light-weight option, for MSA of
Online version

Alignment For a large number of short sequences, try an experimental service.

W Experimental service for aligning_raw reads (2019 /Aug) 82!: 0) EE tl:@ ¥ E/] ;z % §|J 0) 38 §|

Merge

Phylogeny,

Rough tree Multiple sequence alignment and NJ / UPGMA phylogeny
Merits / limitations
Algorithms - =A N o
Tips Input EMFERFICEVWTESRLE, RL5IAEINIHX v 710
Benchmarks Paste protein or DNA sequences in fasta format. Example B D ClUStal Sy — Z\x 1B = " 7-7‘\57 LD )
Benchmas fILAP ) —R &Y BEERIBEASL. WU
3ARDEFX D 5| FAEUF4800[E],

MAFFT original website (https://mafft.cbrc.jp/)

MAFFT online service: multiple sequence alignment, interactive sequence choice and visualization, Briefings in Bjoinformatics, 2019
Parallelization of MAFFT for large-scale multiple sequence alignments, Bioinformatics, 2018
Application of the MAFFT sequence alignment program to large data - reexamination of the usefulness of chained guide trees, Bioinformatics, 2016
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Leading Researcher with Advanced AIMD
HA X, SHREE. EYUT A DRT [RERT—ILDF—
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AIMD for All
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2Python D FEAT 2 i H /5 ik
@Python D FE i) 7 5 FH /5 i
@Z B b 28k

GZhiZe Lasik

(6 TensorFlow D BEA) 2 FIL ) 5 1%
D% A—t T Oy
OPFHN—a—F 2y VT —7
Q7 Fvyaviry b7—2
(Hugging Face® | FH /7%
ADBOTIIER A » T — 2
@b 8k

0 %
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Python | Made with NumPy | Made with Matplotlib | Made with scikit-learn | Made with TensorFlow § O Open in Colab

Search this book..

CDHEM(CDONT
FTANFEFRCHIEDT
~ i COBMBRBERT —IT =T FUT« DR S — CRIRERREMRBRETSY J4— /A (Basis for
1. BRFBEZOEDEE - . . . . —pay -
Supporting innovative Drug Discovery and Life Science Research (BINDS) ) (CBHEY 3/5MEIF(C, Python (fE
JOUSSYIORE VW5, ERNRMREREOEEOLS, EREBEOEROMHZRNIZBEMTT.
2. Python OEFNRMERTE
3. Python DRENMEASE XRE Python
||||||||||| ERRLERETFE TNNBT —IRFEE AWM Z & (C D JOUS5 =55 Python DFIFAREEBNTL
4 EEHDEEE WA, TOUSEIT0EER, #HFEICET FTJ. Python [FHHF B EEEET B2 DEF
S EERUEEE RSBV EZFHRCLTVET. BRSATSUEHTS, T—INFEFAULH
FBR(CEAREETT.
EBFE
6. Tensor Flow DEXRNRFAE
7 SE—tr N def main():
2R/ T o> print(“Hello world” )
8 ERE=1-S)L%y hO—4 o
9.7FYaSRY hO—Y main()

10. Hugging Face DFIAAE
N BENERRY hDO—2

12.B(LEBE ikit-le TensorFlow

https://udac.tohoku.ac.jp/news/event/136/
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= BR
Q  Python DRRHRERIE

NumPy DFIRT5% v [ 1 #/usr/bin/eny python3
2 fnatplotlib inline
3 inport matplot|ib.pyplot as plt

@ NumPy - Sti—

o RO PLOBAEY 4 inport. numpy as np
. 5
FADEASLETE 6 def nain():
Jo-KFrzh T x = np.linspace(0, 1, 100) ¥ 2 # np.pi
N— s v = wsin()
2 = np.cos(x)
Matplotiib (ORIFE % 10 pltplot(x, v, color="forestereen”, label="sin")
- 11 pltplot(x, 2, color="orange”, label="cos”)
Matplotlib - 27K~ b 12 pltxlin(0, Z#np.pi)
EANREE 13 eltylin(-1, 1)
14 pltxlabel ("Radian”)
EEOREE 15 plt.ylabel ("Output”)
ZOROEEOES 15 plt.erid0)
17 plt.lezend()
ATSxH NERDRE 18 plt.shov)
SZDER 19
TIAPER 20 if _name_ == "_nain_"t
Ay R 21 wain()
S04l MEOERE
100
DS AREBORE s
DSREH 050
TSAR— SR 025
wk £ o0
3
A-/=51K 025
D7 ALDBDE -050
I7AODAEAICDINT I I
BOELICE e 1 2 3 s 3
270y faden
TP INENTEEE
P AIADFRES ~ EBEDHE
7 IWADBMEH
?._ e © ersas EHORELARTHET BT ENTEET. olt.subelot (abe) EVWDIBFHELET. 2 &b & ¢ CRTNTNEENADEFT. JOv ME
m T - HERHPIC « BCHBL, WHEC b BCHFLRETCBNT, ELONDFIN SETONDFACEZETO [E5) THB c &
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